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Power plants are among the largest emitters of nitrogen oxides Extracted 72km x 72km patches around plants Performance Comparison: Loss Curve (ResNet):
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NO, emissions from TEMPO images on 40 U.S. coal power plants
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Data Collection
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Data Sources: Modeling

- Plant-level emissions: ~7 GB of plant-level hourly NO, emissions

- Satellite data: ~7 TB of hourly NO, vertical column density (TEMPO) | | - gustom ReSNetdCOHYO'l:tion?' Ne[l)"a' NﬁtV\tIOé mCNN)
- Wind data: ~2.5 GB of hourly ERA5 atmospheric reanalysis - ross-compared against custiom LenseiNe :
TEMPO NO: Concz/ntrations Projected on U.SF.)Map y - Tralned on A4O GPUS US|ng SaV|O HPC ConCIUSIon & FUtu re Work

(Coal Power Plants Labelled)

Model Architecture (ResNet): - We were primarily limited by (1) coarse resoIL_Jtion of TE_MPO
iImages, (2) number of dataset samples that fit our filtering
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gases, atmospheric variables), denoising images, and additional
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models for the task
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